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How to Cut Al API Costs by 80%: Al.cc
Publishes Step-by-Step Token Optimization
Guide for Engineering Teams

SINGAPORE, SINGAPORE, SINGAPORE, .
May 28, 2026 /EINPresswire.com/ --
Free guide draws on analysis of 2.4
billion API calls to document the five
optimization techniques responsible
for the majority of enterprise cost ©
reductions observed on the Al.cc 7
platform in 2026 -
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Al.cc, the Singapore-based unified Al

APl aggregation platform, today

published a free step-by-step token optimization guide for engineering teams, documenting the
five techniques responsible for the majority of cost reductions achieved by enterprise customers
on the platform in 2026. The guide, available at docs.ai.cc/cost-guide, is grounded in analysis of
2.4 billion API calls and draws on observed outcomes from more than 8,000 developer and
enterprise accounts.

The publication addresses a problem that has become acute as Al workloads scale from
prototype to production. Teams that built Al products when token costs were a rounding error in
their infrastructure budget are discovering that those costs become a primary line item at
production volume. A product processing 50 million tokens monthly at unoptimized pricing can
face API bills exceeding $25,000 per month — before a dollar of revenue is collected. The same
workload, optimized using the techniques in Al.cc's guide, consistently lands at $5,000-8,000.

"Most engineering teams are leaving 60-80% of their Al budget on the table," said an Al.cc
spokesperson. "Not because of bad decisions — because the optimization techniques are not
obvious until you have seen the patterns across thousands of production deployments. That is
what this guide captures."

Technique 1: Implement Tiered Model Routing

The single highest-impact optimization available to any engineering team running Al workloads
at scale is tiered model routing — directing each API request to the most cost-efficient model
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capable of handling it adequately, rather than routing all traffic through a single premium
model.

The economics are straightforward. Claude Opus 4.7 costs $5 per million input tokens. DeepSeek
V4-Flash costs $0.14. For requests where both models produce output of equivalent quality —
intent classification, simple query resolution, structured data extraction from well-formed inputs,
content filtering — routing to DeepSeek V4-Flash rather than Claude Opus 4.7 reduces cost by
97% per request with no measurable quality impact.

Al.cc's platform data shows that 55-70% of enterprise API traffic falls into task categories where
Tier 1 models (priced below $0.50/M input tokens) produce output indistinguishable from
frontier models on customer-defined quality metrics. Engineering teams that implement three-
tier routing — cost-efficiency tier for simple tasks, mid-performance tier for standard workloads,
frontier tier reserved for genuinely complex tasks — achieve median cost reductions of 68% with
no degradation in application output quality.

Implementation: Start by categorizing your existing request types by complexity. Run a sample of
each category through both your current model and a Tier 1 alternative. Measure quality using
your own evaluation criteria. For categories where quality is equivalent, switch the routing. For
categories where it is not, keep the frontier model. The analysis typically takes two to three days
and immediately identifies routing changes worth 40-60% cost reduction.

Technique 2: Optimize System Prompt Token Efficiency

System prompts are consumed on every API call. A 2,000-token system prompt on a workload
making 1 million calls per month consumes 2 billion tokens in system prompt overhead alone —
regardless of what the actual user requests contain. At $3 per million input tokens, that is $6,000
monthly spent on instructions, not intelligence.

Al.cc's platform analysis finds that the average enterprise system prompt contains 35-45%
redundant content — repeated context, verbose instruction phrasing, defensive caveats, and
formatting instructions that can be expressed more concisely without affecting model behavior.
Engineering teams that conduct a systematic system prompt audit and compression exercise
reduce average system prompt length by 40% without measurable impact on output quality.

Implementation: Export your current system prompt. For each sentence, ask whether removing
or condensing it changes model behavior on your actual request distribution. Test compressed
versions against your quality benchmarks. Most teams find they can reduce system prompt
length from 1,500-2,500 tokens to 600-900 tokens within a half-day of focused effort. At 1
million monthly calls, reducing system prompt length by 1,000 tokens saves $3,000 per month at
$3/M input pricing — before any model routing changes are applied.

Technique 3: Implement Output Length Controls



Output tokens typically cost two to five times more than input tokens across frontier model
pricing. Claude Opus 4.7 charges $25 per million output tokens versus $5 per million input
tokens — a 5:1 ratio. Uncontrolled output generation is therefore the fastest path to unexpected
API bills.

Al.cc's platform data identifies three common patterns of output token waste. First, open-ended
generation requests where the model produces far more content than the application actually
uses — a summary request that generates 800 words when 200 words are displayed to the user.
Second, verbose chain-of-thought reasoning included in the final response when only the
conclusion is needed. Third, repeated context recapping at the start of each response in multi-
turn conversations.

Implementation: Audit your most token-intensive request types and set explicit max_tokens
parameters calibrated to your actual output requirements. For summarization tasks, specify
target length in the prompt — "summarize in 150 words" rather than "summarize." For
reasoning tasks where you need the conclusion but not the full chain-of-thought, instruct the
model to provide only the final answer. For multi-turn conversations, instruct the model not to
recap prior context. Al.cc's platform data shows these three changes reduce average output
token consumption by 31% across enterprise workloads that implement all three.

Technique 4: Cache Repeated Requests

A significant share of enterprise API traffic consists of semantically identical or near-identical
requests. A customer support application where 40% of queries ask variants of the same ten
qguestions is making API calls — and incurring token costs — for outputs that have already been
generated. A document processing pipeline that re-processes the same reference documents in
every request context is paying for the same input tokens repeatedly.

Semantic caching — storing model outputs keyed by a semantic hash of the input, and returning
cached responses for inputs that are sufficiently similar to a cached query — eliminates token
costs entirely for the cached portion of traffic. Al.cc's platform data shows that enterprise
customer support and FAQ applications achieve cache hit rates of 35-55% on production traffic
when semantic caching is implemented, translating directly to a 35-55% reduction in API calls
and associated token costs for those workloads.

Prompt caching — a feature supported by Anthropic and increasingly available across other
providers — extends this principle to repeated system prompts and context prefixes at the API
level, reducing the cost of repeated large context elements by 80-90% for supported models.

Implementation: Identify your highest-volume request categories and analyze the semantic
diversity of actual production traffic. For categories with high repetition rates, implement a
semantic cache layer using a vector database and an embedding model — the embedding call



costs a fraction of the full model call it replaces. For workloads using Claude models, enable
prompt caching for system prompts and repeated context documents. Combined, these
measures typically reduce total token costs by 20-35% for enterprise workloads with meaningful
request repetition.

Technique 5: Switch to a Unified API Platform for Aggregation Pricing

The four techniques above are implementable on any APl infrastructure. Technique 5 addresses
the baseline pricing differential between retail API rates and the aggregation-scale pricing
available through unified Al API platforms.

Direct API pricing from major providers reflects single-customer retail rates. Al.cc's position as a
high-volume aggregator across more than 8,000 accounts gives it access to wholesale pricing
structures that individual enterprises — even at significant scale — cannot negotiate
independently. The effective discount versus direct retail API pricing across Al.cc's platform
averaged 23% in Q1 2026, with discounts on specific high-volume model categories reaching
35-40%.

For a production workload spending $20,000 monthly on direct provider APIs, migrating to Al.cc's
platform delivers an immediate $4,600 monthly reduction — before any routing optimization,
prompt compression, output length control, or caching is applied. Combined with the four
techniques above, the total cost reduction achieves the 80% threshold that represents the
headline outcome for fully optimized enterprise deployments on the platform.

Implementation: Register at www.ai.cc, generate an API key, and point your existing OpenAl SDK
integration to Al.cc's endpoint. For most integrations, this requires changing one line of code.
Run your current workload through the platform for 48 hours to verify output quality parity and
measure the baseline pricing differential before optimization work begins.

Cumulative Impact: The 80% Reduction Stack

The five techniques compound. Applied sequentially to a representative enterprise workload
processing 50 million tokens monthly at an unoptimized blended cost of $18/M tokens:

Optimization Applied Monthly Cost Reduction vs Baseline
Baseline (unoptimized) $25,000 —

After Technique 1: Tiered routing $9,750 61%

After Technique 2: Prompt compression $8,200 67%
After Technique 3: Output length controls $6,900 72%
After Technique 4: Semantic caching $4,900 80%

After Technique 5: Aggregation pricing $3,800 85%

The complete guide, including implementation checklists, code examples in Python and
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JavaScript, evaluation frameworks for measuring quality impact of routing changes, and model-
specific optimization recommendations for all 312 models on the Al.cc platform, is available at
docs.ai.cc/cost-guide.

About Al.cc

Al.ccis a unified Al APl aggregation platform headquartered in Singapore, providing developers
and enterprises with access to 312 Al models through a single OpenAl-compatible API. Additional
offerings include the OpenClaw Al agent framework, enterprise SLA plans, Al Translator API, and
Al Web Scraping API.
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